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Qutcomes

By the end of this module you should be able to

1. explain and critically evaluate the role of spatial analytics in
simulating and predicting consumer behaviours

2. apply geocomputational modelling and simulation techniques on
real data sets

3. devise and employ spatial modelling tools to address business
problems, presenting and justitying recommendations in an
appropriate context
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What is (modern) data analysis?

DATA ANALYSIS

1S A careful thinking about evidence
(data) in the context of a research
problem

DATS ANALYSIS
INVOLVES * Defining your problem
e |dentifying relevant data
 Selecting aspects of your data and
problem that can be reasonably
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Assignment #1

You will take on the role of a customer segmentation expert for a travel company. Your task is to
identify a specific segment of customers who could be targeted with a marking strategy. You will use
the ‘synthetic’ population produced through microsimulation during practical sessions 1 and 2 to
identify the target customers. The type of holiday destination and choice of customer sub-group(s)
to target is up to you. Note that your job is to identify the sub-population(s) to be targeted, explain
your methods and clearly present your results. There is no need to discuss how you would reach the
customers you identify. You are expected to incorporate at least some appropriate academic
literature in to your report.

An indicative structure for your report is below.

1. Introduction: Identify and justify the scope of your study -- the destinations, holiday type
and customer groups of focus and why they are of interest.

2. Data and methods: Describe the data on which your study is based, the variables you have
selected and any derived variables you have created. Be sure to justify these decisions with
reference to your study’s scope.

3. Results and analysis: A combination of charts, maps and tables — judiciously designed to
address the area of focus outlined in the introduction.

4. Conclusions: Synthesise over the findings to identify the customers to which a marketing
campaign could be targeted. Be sure to do so with reference to the evidence presented in
your data analysis (section 3).



Assignment #1

Your job is to identify the populations to be targeted, explain your methods and clearly
present your results.



microdata.csv
15,189 records

Person_ID OA_GRP Sex

11603 8¢
11285 8¢
13938 8¢
10255 8¢

831 8¢
1754 8¢
2330 8¢
10818 8¢
8237 8¢
11508 8¢

v

Ageband
a35to49
a25to34
a50tob4
a25to34
a50to64
abSover
abSover
a25to34
abSover
a35to49

2 26-30K LEI
0 0-10K IBZ
I 16-20K LCA
| 26-30K ALC

0 26-30K AGA
O Not Answel DLM
0 Not Answel DLM
0 36-40K KGS
2 16-20K FUE
2 71-80K ZTH

MAN
MAN
BHX
LBA

MAN
MAN
MAN
MAN
MAN
LBA

Excellent
Fair

Fair
Poor
Good
Good
Excellent
Fair
Good
Poor

NumberCh CombinedF OverSeasAi UKAirport OverallHolit AgeSex

F35t049
F25t034
M50toé4
F25to034
M50to64
Mé65over
F65over
M25to34
Mé65over
F35t049

Supergroup
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse



Person_ID OA_GRP Sex Ageband

1603 8¢ F a35to49

11285 8¢ F a25to34

13938 8¢ M a50tob4

10255 8¢ F a25to34

831 8¢ M a50tob4

1’754 8¢ ™M abbover

2330 8¢ F abbover

10818 8¢ M a25to34

8237 8¢ ™M abSover

11508 8¢ F a35to49

ZonelD Person_ID OA_GRP Sex

EO0056750 1603 8¢ F
EO00567/50 | 1285 8¢ F
EO0056750 13938 8¢ M
EO0056750 10255 8¢ F
EO00567/50 831 8¢ M
E00056750 1’754 8¢ M
EO0056750 2330 8¢ F
EO00567/50 10818 8¢ M
E00056750 8237 8¢ M
EO0056750 | 1508 8¢ F

simulated population.csv

Dataset

NumberCh CombinedF OverSeasAi UKAirport OverallHolir AgeSex

2 26-30K
0 0-10K
| 16-20K
| 26-30K
0 26-30K
O Not Answel DLM
O Not Answel DLM
0 36-40K
2 16-20K
2 71-80K

microdata.csv
15,189 reconrds

Ageband
a35to49
a25to34
a50to64
a25to34
a50to64
abSover
abSover
a25to34
abSover
a35to49

LEI MAN
IBZ MAN
LCA BHX
ALC LBA
AGA MAN
MAN
MAN
KGS MAN
FUE MAN
ZTH LBA

2 26-30K LEI
0 O-10K IBZ
| 16-20K LCA
| 26-30K ALC
0 26-30K AGA

0 Not Answel DLM
0 Not Answel DLM
0 36-40K KGS
2 16-20K FUE
2 71-80K ZTH

320,596 records

Excellent
Fair

Fair
Poor
Good
Good
Excellent
Fair
Good
Poor

MAN
MAN
BHX
LBA

MAN
MAN
MAN
MAN
MAN
LBA

F35t049
F25t034
M50to64
F25t034
M50to64
Mé65over
F65over
M25to34
Mé65over
F35t049

Supergroup
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse
Hard-Presse

NumberCh Combinedt OverSeasAi UKAirport OverallHolir AgeSex

Excellent  F35to049
Fair F25to34
Fair M50to64
Poor F25t034
Good M50to64
Good Mé5over
Excellent  Fé65over
Fair M25to34
Good Mé5over
Poor F35t049

Supergroup

Hard-Pressed Living
Hard-Pressed Living
Hard-Pressed Living
Hard-Pressed Living
Hard-Pressed Living
Hard-Pressed Living
Hard-Pressed Living
Hard-Pressed Living
Hard-Pressed Living
Hard-Pressed Living



Targeting

Identify and profile a target market using:

Demographics —
income, age, household structure

Geography —
where and what types of areas they tend to live in

Psychographics —
their motivations and preferences



Targeting

microdata.csv

ageBand demographics
incomeBand demographics
numChildren demographics
oac geodemographics
originAirport preference

destinationAirport preference/attitude

satisfactionScore preference/attitude



Targeting

What makes your target market distinct
when compared to the population as a

whole?
ageBand demographics
incomeBand demographics
numChildren demographics
oac geodemographics
originAirport preference
destinationAirport preference/attitude

satisfactionScore preference/attitude



Targeting

IBZ

Constrained City [
Cosmopolitans |

Ethnicity Central [ ]
Hard-Pressed Living ]
Multicuftural Metropolitans [
Rural Residents !

Suburbanites
Urbanites [

High BN
Income Mid
Low [

<24 §
25-34 1N “
age  35-49 N
50-64 N A.
>64 [N



Targeting
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Deviation from Expectation

evidence model
Unemployment Rate Signed Surprise
0% 30.1% 0.114 0.114
C B - n
1
= r“ 9
. v
| |

(a) Per capita event rate map.
(b) Signed Surprise Map.

Correll & Heer (2017) Surprise! Bayesian Weighting for De-Biasing Thematic Maps, IEEE TVCG
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women men



Proportion of men

54% 77% 100%
(average)



London Cycle Hire: Men’s and women’s jaurneys
Cycle journeys made by 21 least SO people, Jar 2012-Feb 2013 /
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{
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Beecham and Wood, 2014






Group-based presentations
Wednesday 11th December



group start end

| 0%:3C:00 09:45:C0
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Assessment

Assignment 2

Assignment 2 :

Presentation schedule




Keeping to time

Next: group TWO

group ONE




Delivering effective
presentations



Maxim #1 : avoid noise

e Background colours
* | ogos

e Overly small font

® Too much text

* Unnecessary transitions



Maxim

1 : avoid noise

Chart Title

16%
14%
12% —

16% 1
14%
12%
10%

16%

10% T — 8% - =57 8% m BZ
8% T | | | - . — B | 60/—
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Excel default Remove bar shadow, grids and Emphasise data, de-emphasise axes
gradient (hon-data)
16% 16% Low-to-middle income groups are overrepresented amongst
IBZ holidaymakers
8% ALL 8%
mBZ LDS
m BZ

Affect design according to
purpose [comparison]

Emphasise key patterns




Maxim

1 : avoid noise

16%
14%
12%
10%
8%
6%
4%
2%
0%

Chart Title

KBz

HALL

16%

8%

0%

Low-to-middle income groups are overrepresented amongst
IBZ holidaymakers




Maxim #2 : refine

With each slide, convey one
message (only)



Maxim #3 : reduce

Be concise,
both verbally and visually



Maxim #4 : compliment

Slides should display things that
can’t be easily spoken



Maxim #5 : layout
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Maxim #5 : layout

Things

that are
laid out far

apart are more difficult to

compare

than things that are laid out close together.



Maxim #5 : layout

Things thatver&p almosipossbleterpret.



Maxim #5 : layout -
sequence

ORDER

We expect things to be displayed
IN sequence.

't we wish to imply a sequence,
arrange things in that sequence.

This can be particularly useful when
‘telling a story’ in a presentation.



http://bit.ly/2Ap1Ynn

Jean-Luc Doumont






Module survey : Please

Take Survey

Discover Hles

19/2001) GEO GS92714 Predictive Ana lytics (33841) ANNCUNCETmens &  rorwoces [

19/21(1) GEOG552Z7M m

Pradictiva Analytics

(33841) Announcements

Module Management Posted oy aTe ‘alen

PR Concerns about cancelled teaching/strike action Poshdt HOND)
Peerad an: Tussday, 76 Nawmher 2701021037 idack GAT Anayiies (30i1)

MreraFles

Module Tools Dems GIOGSE3T Shatmrty

Anncuncemens

Blacsboard Colaborate Uitra

m_,&-‘ Lundereasd waor senceme asewr caresdied trach g == b owerk. Than< yoes e beoving atth o duriae =obe el peecioz, 'We w20 mosd ng maery
sHact te mmeore trab audderts arw ret urtary dasdarsbged Toe Sebal oo hesn ==ab ] bearzomzieres At ] he coctznd with rodule oot nree the
meuse R acticn aa in s ed, I the mesarrme | maat Krd y 2ss lor your parerce,

s ussicn Board

Gossary

Jurralks

Moduk Nedla P—

- \

Sttt réormation D Clare VAouidz ard O Durcan Qivcey

Tazks

vy, o Pecks

|
|

Lenitin Assignmancs




Module survey : Please

‘ Take Survey \

® take your time

* remember that this is anonymous

* be as specific as possible - detail

* identify both positives and negatives
e use the full range of scores

e consider 'feedback’ broadly



break



